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Abstract

Much of the public discourse and media analysis of the surprise outcome of the 2016 US presidential election has
emphasized the role of manufacturing workers. This paper examines the importance of manufacturing jobs and job
loss as determinants of voting patterns using county-level voting data from recent presidential elections. The share of
employment in the manufacturing sector and long-run manufacturing job loss at the county level are not statistically
significant in explaining the change in Republican vote shares from 2012 to 2016, when controlling for standard
voting determinants. However, the change in the Republican vote share is positively correlated with manufacturing in
predominantly white counties and negatively correlated with manufacturing in ethnically diverse counties, with these
effects roughly offsetting each other. The paper further shows that this polarization between white and nonwhite
manufacturing counties is more closely associated with polarizing candidates than a polarized electorate.
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INTRODUCTION

The manufacturing worker displaced by trade has played a leading role in rationalizing the outcome of the
2016 US presidential election. On the campaign trail, the Republican candidate, Donald Trump, blamed
import competition for the decline in US manufacturing, claiming China is “killing” the United States on
trade." He promised to revive the American dream and bring back manufacturing jobs, proposing extreme
policies such as a 45 percent tariff on China and a 35 percent tariff on Mexico. Since becoming president,
one of his first acts was to withdraw the United States from the Trans-Pacific Partnership (TPP).

The Democratic candidate, Hillary Clinton, presented a more benign picture of US industry, stressing
growth in high-tech manufacturing industries and opportunities for greater competition with high export
countries like Germany and Japan. She acknowledged that trade agreements have not always delivered on
all their promises and that some jobs migrate because of trade.? She rejected the TPP but did not propose
a major shift in US trade policy.

Some experts have credited the election results to Trump’s extreme positions on trade and his promise
to bring back manufacturing jobs. A review of articles in major media outlets since the election shows
most news articles cite his support among white voters and nearly half focus on manufacturing as factors
to which they attribute Trump’s victory (table 1).? This is the oft-heard story of the “revenge of working
class whites.”

There is empirical evidence that trade shocks influence voting patterns.> Autor et al. (2016) find that
import competition from China is associated with increased political polarization in US congressional elec-
tions, as measured by the number of moderate incumbents who lost their seats. Using data on voting patterns
in six presidential elections, Jensen et al. (2016) extend this analysis to include trade in services and exports,
and find that while rising imports are associated with more polarization, rising exports are associated with
more support for the incumbent. Che et al. (2016) find that greater import competition from China is
correlated with increases in election turnout and the share of votes for a Democrat in congressional elections.

Because trade affects counties in diverse ways, it is not clear that it should significantly affect the

presidential election, where all counties vote. The populist left and the populist right might offset each

1. "Donald Trump: 'China is Killing Us!"", YouTube, September 3, 2015, https://www.youtube.com/watch?v=
T5tTBAQ4CLs (accessed on May 25, 2017).

2. "Full Transcript: Hillary Clinton’s Economic Speech,” Newsweek, August 11, 2016, http://www.newsweek.com/
hillary-clinton-full-transcript-economic-speech-489602 (accessed on May 25, 2017).

3. LexisNexis search of major English language publications between November 2016 and January 2017.

4. “How Trump won: The revenge of working-class whites,” Washington Post, November 9, 2016, https://www.
washingtonpost.com/news/wonk/wp/2016/11/09/how-trump-won-the-revenge-of-working-class-whites/?utm_
term=.6e2fafl97ela.

5. Rising imports from China in the 2000s have been associated with job loss in the counties producing compet-
ing goods, although there is debate about the magnitude of the loss (Autor, Dorn, and Hanson 2013; Pierce and
Schott 2016; Feenstra, Ma, and Xu 2017).


https://www.youtube.com/watch?v=T5tTBAQ4CLs
http://www.newsweek.com/hillary-clinton-full-transcript-economic-speech-489602
https://www.washingtonpost.com/news/wonk/wp/2016/11/09/how-trump-won-the-revenge-of-working-class-whites/?utm_term=.6e2faf197e1a

other, and import-competing counties might cancel out export-oriented ones. Donald Trump’s emphasis
on trade protection and manufacturing jobs, however, suggests that to the extent voter concern about trade
influenced the election, it would have given him an advantage in counties specialized in manufacturing
or where manufacturing jobs have been lost. Indeed, in a companion note to their paper on polarization,
Autor et al. (2017) find evidence that import competition from China influenced voting to favor Donald
Trump in 2016, more than it did for George W. Bush in 2000, especially in key states.

To understand this shift, and specifically the importance of the manufacturing worker in voting
patterns, this paper analyzes and compares 2016 voting outcomes at the county level with previous presi-
dential elections.® The model tests whether increases in Trump’s vote share in 2016, as compared with the
previous Republican nominee Mitt Romney’s in 2012, are larger in counties that specialize in manufac-
turing or that experienced greater manufacturing job loss. The main finding is that neither manufacturing
employment nor the change in manufacturing employment are significant in regressions controlling for the
standard determinants of voting patterns. On aggregate, the angry manufacturing worker does not appear
to have had a significant effect on the election outcome.

The results are, however, different when considering the white manufacturing worker. Specifically,
when the share of manufacturing employment (or the change in employment) and race were analyzed
together, the Republican share of votes was higher in predominantly white manufacturing counties, while
diverse manufacturing counties voted more Democratic, as compared with previous elections. Specifically,
where the share of black and Hispanic residents falls below the national mean, counties in the 75th percentile
in manufacturing employment share, compared to the 25th percentile, voted Republican by 0.7 percentage
point more. In contrast, where the share of black and Hispanic voters is above the mean, counties in the
75th percentile in manufacturing, compared to the 25th percentile, voted Republican by 1.2 percent less.
Similar results hold if manufacturing job loss since 2000 is used in the analysis. Regression results suggest
these two forces largely balanced out, such that manufacturing employment or manufacturing job loss had
no significant role in the overall election. But, in line with the news stories, the large share of white manu-
facturing counties in some of the swing states’” played an oversized role in the electoral college.

There are two potential explanations for the polarization by race within manufacturing counties. One
is that the economic shocks have been different across white and ethnically diverse counties. The other is
that whites and nonwhites react differently to economic shocks. To evaluate whether differing economic
conditions can explain the results, a number of robustness tests were performed, including alternative inter-

actions, alternative time periods, and controlling for changing conditions. The results remain qualitatively

6. The basic specification compares the Republican vote share in 2016 to 2012, though a fixed-effects model using
five elections and the long difference from 2000 to 2016 is also considered.

7. The swing states are Colorado, Florida, lowa, Michigan, Minnesota, Nevada, New Hampshire, North Carolina,
Ohio, Pennsylvania, Virginia, and Wisconsin.



unchanged: White counties with more manufacturing or manufacturing job loss voted more Republican,
but ethnically diverse counties with more manufacturing or manufacturing job loss voted more Democratic.
Perhaps most telling, when the manufacturing share from 1986 (when manufacturing was near its peak)
is used instead of current manufacturing as the variable of interest, the results also remain unchanged.
Historical manufacturing counties that are mostly white became more conservative, but historical manu-
facturing counties that are relatively diverse became more liberal.

The results raise the question of why white manufacturing counties and diverse manufacturing counties
responded differently to similar economic shocks. Fiorina (2004) shows that polarization can be driven by
the electorate or the candidates. A polarized electorate and polarizing candidates look similar because both
result in a very close election. A split electorate is characterized by a bimodal distribution of the voting
population; in contrast, when the candidates are polarizing, even a normal distribution of voters can result
in a close election. The difference between the two is voter turnout: With a polarized electorate, voter
participation should increase, as each group is tied to its candidate and opposed to the alternate. In contrast,
with polarizing candidates, voters in the middle of the distribution are unsatisfied, so voter participation
should decrease.

Regression analyses controlling for other factors show the rise in the Republican share of votes in white
manufacturing counties was largely due to a drop in Democratic votes, while the rise in the Democratic
share in nonwhite manufacturing counties was driven by a relatively higher drop in Republican votes. These
results show that polarization in the 2016 election among manufacturing counties by race was associated
with a reduction in votes for either major party candidate as compared with 2012, making the outcome
more consistent with Fiorina’s (2014) findings on polarizing candidates.®

As important as economic factors may be, the political science literature attributes voting decisions
largely to identity politics. In examining the shift among Midwestern voters towards the Republican party
since the late 1960s, Frank (2004) argues that cultural issues have replaced economic ones in their impor-
tance for electoral outcomes. The essence of this argument, also made by Lee and Roemer (2010) among
others, is the idea of “policy bundling.” Political parties may have a platform mixing policies, such as
traditional moral and religious values with free market economics, that separately would not necessarily
appeal to their voters. However, if voters care more about say, traditional family values, they may also vote
for economic policies they do not like.

Recent research by Inglehart and Norris (2016) looks specifically at the rise of populist movements
across the Western world and finds support for arguments linking cultural change to voting outcomes.

They find that a backlash against cultural change in the modern world, especially on the part of older, less

8. This result is different from Autor et al. (2016) on polarization in response to trade shocks, which finds that
major party votes increase in response to a shock.



educated, men of the dominant ethnicity, largely explains the rise of populist politics across the West. In
contrast, Frieden (2017) uses individual level data from the Eurobarometer survey, from 2004 to 2015,
and finds that while identity explains a great deal of the level of populism, there is relatively little change
in these demographic variables over time. He argues that changing economic conditions must therefore be
important in explaining shifts in voting patterns.

The results in this paper also contribute to the question of whether voting patterns in the 2016 election
reflect economics or identity. The strongest correlation is with the variables describing a county’s popula-
tion, including race, age, education level, and religion, which alone explain around 70 percent of the varia-
tion in the change in the Republican vote share since 2012 and over 80 percent of the variation in the swing
states.” While the education variable could reflect voters’ economic concerns if it is capturing the declining
opportunities for the low skilled worker, it could also reflect identity politics if it is capturing preferences
for a liberal and open society. The fact that the coefficient on education does not change significantly
when economic variables are included, and that there is very little additional explanatory power from the

economic variables, suggests that education is largely capturing social preferences.

DATA AND METHODOLOGY

This paper uses Dave Leip’s Atlas of U.S. Presidential Elections for data on voting patterns in the 2016 elec-
tion. The Atlas contains data on votes cast for presidential, gubernatorial, and congressional elections on a
county basis, going back to the 1910s. Data are collected from diverse official sources and made available
online at www.uselectionatlas.org.

The dependent variable is the change in the relative share of Republican votes from 2012 to 2016. It
is calculated using the number of Republican votes (R) cast over the sum of Republican and Democratic
votes (D) cast, or R/(R+D), during the 2012 and 2016 elections. For robustness, data from 2000, 2004,
and 2008 were also used in some model specifications.

The vote share data was combined with county level information on economic performance and
demographic indicators. The main economic indicators include: median wage, unemployment rate, labor
force participation, and manufacturing share of employment; and the demographic indicators, all as share
of population, are: with bachelor’s degree or higher, aged between 35 and 50, black or Hispanic, and
Protestant. Using more detail on these variables, such as three age categories or individual race categories,
was also tried, but the explanatory power was unchanged from this more parsimonious specification. In all
specifications, county size was also controlled for, and alternative specifications incorporate other variables,

such as manufacturing job loss or whether the county is urban or northern.

9. Variables on gender, including the share of the population that is female and the ratio of median female-to-
male wages, were also tried, but they were not robustly significant and had little explanatory power.



The source for most of the explanatory variables is the American Community Survey, from the US
Census Bureau. The variables in this dataset are 5-year estimates reported for the period 2011-15. Data
on the share of county employment in manufacturing is taken from the Census Bureau’s County Business
Patterns (CBP) dataset, for which the most recent numbers are from 2014. Data on religious adherence
is taken from the Association of Religion Data Archives (ARDA), and the variable used is the number of
mainline (or mainstream) Protestants per 1,000 people in the year 2010 (the most recent year available).

The scatter plots in figure 1 show the correlation between the growth in the Republican vote share
and the main explanatory variables. The scatter plot for the manufacturing employment variable shows
a weak positive relationship with the growth in the Republican vote share. Other scatter plots also show
that educated and ethnically diverse counties tended to favor the Democratic candidate in 2016 relative to
2012. Table A1 in the appendix reports summary statistics for all the main variables used in the analysis.

While striking, these are only simple bivariate correlations. The primary determinants are controlled
for next, using regression analysis to evaluate the relative importance of each factor.

The basic specification is:

R R

(R+D);;  (R+D)j;_q

= f, + Bymanufacturing; + B, X; + ;. (1)

The dependent variable is the percentage point change in the Republican vote share between 2012
and 2016; R is the Republican vote share and D the Democratic vote share; mﬂnufﬂcturz’ngi is the average
employment share of manufacturing over the period; X is a vector of period averages of other control
variables including median wage, labor force participation, unemployment, education, race, age, and reli-
gion; and € is the error term. B, is the coefficient of interest; a positive and significant coefficient would
mean that manufacturing counties voted more Republican in this election than in the past. In additional
specifications, the change over time in the explanatory variables, are also used. All regressions are weighted
by the number of votes cast per county in 2012, thus giving greater weight to those counties with greater
voter turnout and therefore electorally more important. The regression tables record standardized beta coef-
ficients, so the coefficients can be compared directly. Beta coefficients show how many standard deviations
a dependent variable will change per one standard deviation change in the explanatory variables. Thus, they
make coefficients comparable across variables.

The share of manufacturing employment is the main variable of interest because it captures the impor-
tance of manufacturing for existing jobs and hence what is at risk for job loss. In addition, the bivariate
correlation between the growth in the Republican vote share and current manufacturing employment is
stronger than the correlation with the change in manufacturing employment since 2000, though changes
over time are considered.

There is anecdotal evidence that Trump’s message appealed to residents in white manufacturing coun-

ties broadly, even in those where manufacturing has thrived in recent years. An example is Elkhart, Indiana,



which produces recreational vehicles and has a manufacturing share above 50 percent. Elkhart benefitted
significantly from the stimulus package and auto bailout under the first Obama administration, the county
is highly dependent on exports, and its unemployment rate is relatively low and falling. The Republican
vote share in Elkhart has increased by 3.4 percentage points since 2012. Many residents stated that they
did not attribute the county’s success to Obama’s policies and that Trump would do better for the local
economy.'’

The specific race, age, education, and religion variables were chosen by incorporating a host of census
breakdowns and choosing the most parsimonious specification, as noted above. For example, for race, the
main races (white, black, Hispanic, and Asian) were included individually and together. The strongest
relationship was with the share of the population that is black and Hispanic, which is referred to as minority
share, and when they were included separately their coefficients were nearly identical. For age, only the
share of the population between the ages of 35 and 50 was significantly different from other age groups,
suggesting the young and old voted similarly. For education, the share of the population with a bachelor’s
degree or higher was most robustly significant, and for religion the share of the population that is mainline
Protestant was important.'' Results are robust to including a full breakdown of these variables, though the

explanatory power does not improve significantly.
p ry p p g y

MAIN RESULTS

Columns 1 and 4 of table 2 report the results of estimating the model on the full sample of counties and on
counties in swing states separately. The coefficient on the manufacturing employment share is close to zero
and not significant in either specification. The identity variables are not only the more robust correlates of
the growth in Republican votes, but their effect is also larger in magnitude. As can be seen from the stan-
dardized coefficients, education and race were among the most important variables in separating counties
across all counties and in the swing states.

In the context of the election, the focus was not only on the manufacturing worker but more specifi-
cally the white manufacturing worker. Columns 2 and 5 show results including the interaction between the
manufacturing employment share and the minority share. Manufacturing employment is now positive and
significant. The coefficient on the interaction term is negative and significant, indicating that as manufac-
turing counties become more diverse the positive effect is reversed. The results imply that, controlling for
other factors, the vote in white manufacturing counties shifted Republican in this election, while the vote in
more ethnically diverse manufacturing countries shifted Democratic. The insignificant coefficient from the

basic specification implies that the results broadly offset each other in all counties and in the swing states.

10. Alana Semuels, “It's Not About the Economy,” Atlantic, December 27, 2016.

11. The number of Catholic adherents also has a significant, albeit small, positive effect on the Republican vote
share. Including the Catholic variable does not diminish the effect of Protestant adherence or change the effect of
other variables in the analysis.



The regression results can also be used to determine the share of the black and Hispanic population
for which the effect of the manufacturing employment share shifts from positive to negative. The turning
point (from the regression in column 2) occurs when 19 percent of the population is black or Hispanic,'
a level very close to the mean of 18 percent. In other words, when counties are more diverse than average,
manufacturing was negatively associated with the change in the Republican vote share.

To better understand the political significance of the results, columns 3 and 6 replace the continuous
minority share variable with an indicator variable that is equal to 1 when the minority share is above the
mean (18 percent) and zero otherwise. When the indicator is interacted with the manufacturing employ-
ment share, manufacturing is positive and significant. The interaction term is negative and significant and
larger than the coefficient on the manufacturing employment share, indicating that in diverse counties
there is a negative and significant relationship between manufacturing and the Republican vote share. The
results suggest that a move from the 25th to the 75th percentile in manufacturing in a white county is
associated with a 0.7 percentage point rise in the Republican vote share. In contrast, a move from the 25th
to the 75th percentile in manufacturing in a diverse county is associated with a 1.2 percentage point drop
in the Republican vote share. These are small but meaningful movements, especially in a close election.
The simple average increase in the Republican vote share across counties was 5.5 percentage points, so these
shifts are 13 to 22 percent of the average shift.

Figure 2 shows the predicted change in the Republican vote share, by employment share in manufac-
turing and the percentage of the county population that is minority. It also controls for the main economic
and demographic indicators included in the analysis. It shows a bifurcation of the impact of manufacturing
on the electoral outcome. Only in very white counties (below 20 percent minority) is an increase in manu-
facturing associated with an increase in the Republican vote share. For other counties, there is a negative
relationship between manufacturing employment and voting Republican.

Figures 3a and b provide context to this figure. Figure 3a shows the share of the overall votes cast in
the 2016 election accounted for by counties with different ethnic makeups. It shows that counties with
white populations of over 80 percent contain 40 percent of all voters in the country. Figure 3b shows the
same groups for counties in swing states. Here, white counties include over half of all voters. This shows
that white manufacturing counties, which tended towards Donald Trump, played a larger role in crucial
swing states.

Table 3 focuses on the decline in manufacturing jobs, which was discussed repeatedly during the election.

It investigates the impact of the change in the manufacturing share of employment since 2000, as this was

12. Calculated using the nonstandardized coefficients, as (coefficient on manufacturing)/(coefficient on the
interaction)=.077/.004.



a period of significant job loss in manufacturing.' In this specification, all the economic variables measure
changes over time to control for the overall economic health of a county. Counties in decline—experiencing
falling wages, rising unemployment, and generally weak economic performance relative to other counties
over time—may have been more likely to vote for change, measured here as a vote for changing the party
affiliation in the White House. In addition, if counties in decline happen to be white manufacturing coun-
ties, then this specification will rule out the interaction mistakenly picking up that trend.

Columns (1) and (4) show that manufacturing job loss (the change in the manufacturing share of
employment) since 2000 is not correlated with the change in the Republican vote share. However, when
interacted with the minority share, it is positive and significant, indicating that controlling for overall
economic change, manufacturing job loss in minority counties is associated with a fall in the Republican
vote share, while manufacturing job loss in white counties is associated with a rise in the Republican
vote share (column 2). For swing states, the coefficients on ethnically diverse and white manufacturing
counties are significantly different from each other, but the overall effect of manufacturing job loss on the
Republican vote share is not significant.

Columns 3 and 6 again display results above and below the mean minority share, showing a decrease in
the Republican vote share in ethnically diverse counties that experienced manufacturing decline. Specifically,
moving from the 25th to the 75th percentile in terms of job loss would lead to a 0.3 percentage point higher
Republican vote share in white counties but to a 0.1 percentage point lower Republican vote share in ethni-
cally diverse counties. The bifurcation is still present when job loss is considered, but the effects are even

smaller than for the level of manufacturing.

ROBUSTNESS TESTS

The results of these initial regressions show that white manufacturing counties and ethnically diverse manu-
facturing counties changed their voting allegiances in opposing ways but do not provide insight as to why
the voting patterns diverged. White and minority workers could have different views about important
government policies, or the divergence could result because the magnitude of the economic shocks differed
across counties in a way that is correlated with race. For example, if the economies of white manufacturing
counties are specialized in low-skilled products, they would likely have experienced larger economic shocks
as a result of trade and technology. Alternatively, it could have to do with other opportunities: If white
manufacturing counties are more isolated, and ethnically diverse counties are more urban, it may be that
alternative work is easier to find in diverse counties. This section explores these alternative explanations to

the polarization observed in the two groups’ voting patterns.

13. The change since 2012 was also examined, but none of the economic variables were significant.



Table 4 examines whether the polarization result is specific to the manufacturing sector and the
minority share. It is possible that the association found between the manufacturing share and minority
share is about skilled versus unskilled manufacturing or is also present in other professions. Column 1
interacts the share of the population with a bachelor’s degree or higher with the manufacturing share, to
test whether the minority share is proxying for type of manufacturing. The interaction between education
and manufacturing is significant and negative, implying that less educated manufacturing counties voted
more for the Republican candidate in this election than in the last. While the results are consistent with the
thesis that low-skilled manufacturing counties were more attracted to Trump than Romney, controlling for
the interaction between education and manufacturing does not affect the significance of the coefficients of
interest. The effects of manufacturing share and the manufacturing and race interaction term, if anything,
become stronger, indicating that the split by race is not about skilled versus unskilled manufacturing.'*

It is possible that the effect found for manufacturing is also present for other relatively low-skilled
professions. Column 2 includes an alternative sector, the share of employment in construction, and an
interaction with minority share. While counties with more construction voted less Republican, there is no
difference between white and nonwhite counties. > One possible interpretation is that counties with more
construction are counties with growing economies that favor the incumbent party.

The minority share could instead be reflecting regional differences, either between rural and urban
areas or North and South. Journalists and other observers repeatedly highlighted the role of the rural voter
in the 2016 election.'® In urban counties, workers may have more opportunities outside of manufacturing.
If ethnic diversity is correlated with urbanization, the interaction may be picking up the effect of oppor-
tunity and not race. While the effect of manufacturing is smaller in urban areas, including this interaction
does not affect the significance of the interaction between manufacturing and minority share (column 3).
The divergence between the white manufacturing counties and the ethnically diverse manufacturing coun-
ties expands. Finally, another possibility is that the real difference is between traditional manufacturing in
the North and new manufacturing in the South. When manufacturing is interacted with an indicator for
the North, 7 the interaction is not significant (column 4).

In the election, Trump repeatedly associated manufacturing job loss with imports from China. The

divergence in how the manufacturing variable effects white and ethnically diverse counties could be

14. Other economic variables (wages, unemployment, labor force participation, and manufacturing share) were
also interacted with minority share, but all had coefficients close to zero and were not robustly significant (not
reported).

15. Retail was also examined, but its interaction with nonwhites was not significant and the coefficient on manu-
facturing and the manufacturing interaction did not change (not reported).

16. See, for example, Helena Bottemiller Evich, "Revenge of the rural voter,” Politico, November 13, http://www.
politico.com/story/2016/11/hillary-clinton-rural-voters-trump-231266 (accessed on May 25, 2017).

17. The North in this analysis includes all of the states of New England (Connecticut, Maine, Massachusetts, New
Hampshire, Rhode Island, and Vermont), three Mid-Atlantic states (New Jersey, New York, Pennsylvania), as well
as the Midwest (lllinois, Indiana, lowa, Kansas, Michigan, Minnesota, Missouri, Nebraska, North Dakota, Ohio, South
Dakota, and Wisconsin).
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http://www.politico.com/story/2016/11/hillary-clinton-rural-voters-trump-231266

capturing the “China shock” if the white counties were disproportionately affected by imports from China.
To examine this, a measure of the China supply shock, developed in Autor et al. (2013), is included. The
Autor study created an index of competition with Chinese imports at the commuter zone level, which
aggregates counties in the same economic area. This variable captures the increase in Chinese import expo-
sure at this level over the period 1990-2007. In order to ensure this variable is not measuring a US demand
shock, import competition is instrumented using Chinese exports to European countries across industries.
Column 5 includes the China shock interacted with the minority share, where the import competition
variable is instrumented with China’s exports to Europe. The China shock is significant in explaining the
shift toward the Republican candidate, and the interaction with the minority share has a negative sign but is
not significant. While the negative coefficient offers some evidence that diverse counties reacted differently
to the China shock, it cannot be rejected that the trade shock affected all counties similarly. The inclusion
of this variable does not change the magnitude or significance of the coefficient on manufacturing or the
interaction with the minority share (as compared with table 2, column 3). The results imply that the white-
manufacturing-county effect on voting is distinct from the trade effect—and of greater significance, as can
be seen by comparing the standardized coefficients. Of course, education is still the dominating factor,
about 11 times as important as the China shock.

Column 6 includes all the variables simultaneously. The results on the manufacturing employment
share and race remain robust.

Table 5 reports results from regressions that vary the timeframe both in the dependent and indepen-
dent variables. As Jensen et al. (2016) argue, longer-running trends may have played an important role in
the election. Columns (1) and (2) report the results for a panel regression of the incumbent vote share in
the last five presidential elections (2000-2016). The incumbent share, as opposed to the Republican share,
is used because negative shocks are expected to make voters reject the incumbent party.'® Column (1) shows
that while manufacturing intensive counties on average tended to vote against incumbents, this effect is not
significant. However, when interacted with the minority share (column 2), it was diverse manufacturing
counties who voted against the incumbent. This period includes the election of the first black president, so
it is not clear how much can be inferred from this specification—except to say that share of manufacturing
employment is not significant, except when it is interacted with race.

Columns (3) to (4) focus on the change in the Republican vote share between the elections of 2000 and
2016. Overall, the results mirror those of the earlier regressions. The share of manufacturing employment
has no significant effect by itself. However, when interacted with the minority share, the effects found

earlier resurface.

18. Using the same specification for the Republican vote share shows a negative and significant relationship with
manufacturing employment, and a positive and significant one with the interaction variable. The result is con-
sistent with Che et al. (2016) on congressional elections, who find that manufacturing increases the likelihood of
voting Democratic. Again, the results differ significantly for white and diverse counties.

n



Columns (5) and (6) examine historical employment in manufacturing, using data on manufacturing
employment share in 1986 (the earliest available) when manufacturing was near peak employment and
unions were prevalent. If white manufacturing counties tend to specialize in more traditional industries
and less in new high tech manufacturing, that could explain the divergence with ethnically diverse counties.
The results show that even among only old manufacturing counties, the same split is evident. In fact, the
coefficients are very similar to the current manufacturing employment share (table 2, column 3), implying
that white and ethnically diverse counties that experienced similar shocks in manufacturing job loss reacted
electorally in opposite ways, consistent with polarization among the working class with race being a critical

factor.

POLARIZATION AND VOTER PARTICIPATION

The previous section showed that voting in manufacturing counties was polarized according to race.
White manufacturing counties voted more Republican and diverse manufacturing countries voted more
Democratic than in the previous election. The increase in the Republican share in white manufacturing
counties could have happened because of greater participation of Republican voters or lower participation
of Democratic voters, as compared with the last election. The former would imply that the Republican
message was appealing, while the latter would suggest that the Democratic message was unconvincing.

Fiorina (2004) shows that polarization can be caused by the electorate or the candidates. He argues that
a close election could reflect a bimodal distribution or a normal distribution with candidates at opposite
ends of the spectrum. With a bimodal electorate, turnout should be especially high because the electorate
is tied to its candidate and dislikes the alternative. With a normally distributed electorate and polarizing
candidates, low turnout is more likely, as the bulk of voters do not support either candidate. To determine
whether the observed polarization among manufacturing counties by race was associated with a polarized
electorate or polarizing candidates, this section explores how voter participation changed across manufac-
turing counties by race.

To calculate the extent to which the results were driven by a strong showing for the Republican candi-
date (Trump) or a weak showing for the Democratic candidate (Clinton), relative to the previous election,
the contribution from the change in Republican votes is calculated as:

[AVR|

contributiong = AVRI+IAVD| i

where AV is the change in votes for party i since the 2012 election, where 7 is either Democrat (D) or
Republican (R). The variable, contrz'/mtionR, is a summary statistic for how much of the overall shift in
votes from the previous election is a result of a change in Republican votes. For the nation, contribution,,

is 0.49, implying the change in votes for Hillary Clinton as compared with the previous Democrat candi-



date, Barack Obama, was slightly more important than the change in votes for Donald Trump versus the
previous Republican candidate, Mitt Romney. Across counties, the average was 0.47 percent, indicating
that voting patterns on the Democratic ticket played a stronger role on average.

Figure 4 visualizes the results on the Republican contribution at the county level by plotting the conzri-
bution, against overall turnout. It shows that when overall voting declined relative to the previous election
(the points on the left), the decline was driven by lower turnout among Democratic voters (contribution,
below 0.5). In contrast, when more people voted as compared with the last election, the increased turnout
was driven by Republican voters. The results in swing states were determined to a somewhat greater extent
by the decline in Democratic votes (on average contribution,, = 0.46 in the swing states).

Figure 5 shows a similar graph where counties with a high employment share in manufacturing (the
top 25 percent of counties) are shown in red. If manufacturing counties were especially drawn to Donald
Trump’s message of restricting trade, relatively more observations should be present in the lower right
of the chart, reflecting strong turnout and an election driven by strong Republican votes, relative to the
previous election in these counties. Instead, results appear similar for manufacturing counties as they do for
nonmanufacturing countries (on average contribution,=0.47 in these counties).

Tables 6a and 6b investigate the impact of the manufacturing employment share on the change in
votes, overall and by party, controlling for other factors; the samples used are all counties for table 6a and
swing states only for table 6b. The dependent variable is the growth in votes for the major parties combined
and separately. Counties are again weighted by the number of votes cast in the 2012 election. The first
two columns of table 6a report the effect of the manufacturing employment share on growth in votes.
Controlling for other characteristics, counties with more manufacturing employment had a sharper drop
in votes as compared with 2012, suggesting that blue-collar voters participated less in the 2016 election
as compared with other voters. The decline was driven largely by diverse manufacturing counties (column
2). The manufacturing employment share is never positive and significant, further bolstering the previous
findings that there was no great enthusiasm in manufacturing-intensive counties for either candidate.

Columns (3) and (4) explore the change in Republican votes. Again, counties with a higher manu-
facturing employment share voted relatively less than in the previous election (column3). The drop was
driven by ethnically diverse manufacturing counties (columns 4). The results imply that white manufac-
turing counties did not support Trump more than other counties with similar characteristics, but ethnically
diverse manufacturing counties rejected Trump more than otherwise similar counties.

Columns (5) and (6) report results for Democratic votes. Again, the manufacturing employment share
is negative and significant, indicating that manufacturing intensive counties voted less in this election rela-
tive to the previous. The decline in votes in this case is driven by the white manufacturing counties (column

6). Clinton lost voters in the white manufacturing counties more than Trump won voters in these counties.



All results are robust when considering the swing states only, and the magnitudes of the coefficients and the
explanatory power of the variables are greater in the swing states (table 6b).

The negative correlation between the manufacturing employment share and overall votes relative to
the previous election is consistent with polarization among manufacturing workers in the 2016 election
being driven more by the candidates, as discussed in Fiorina (2004), than by a polarized electorate. Voting
for either major party candidate was down on average 1.25 percentage points, across counties, as compared
with the last election (table A1)."” The results suggest that counties with higher manufacturing shares
contributed to reducing not increasing this number.

It is worth noting that the share of the minority population, while significant and negative for the
Republican vote, is positive and significant for both overall votes as well as Democratic votes. While the
data are not at the individual level, the results are hard to rationalize with the oft-repeated claim that
minorities turned out less for Clinton than for Obama, at least as compared with other voters in this elec-
tion and the previous one. The results imply that either minorities or other residents of the more ethnically
diverse counties voted in relatively greater numbers in this election, as compared with other counties and
controlling for other factors. To the extent that voting was relatively weak in ethnically diverse counties, it

was Republican voters who were missing.

DISCUSSION

The results imply that manufacturing did not play an important role in the election results. Rather, educa-
tion and race were the two main determinants of the change in the Republican vote share from 2012 to
2016. To the extent manufacturing played a role, it was through race: Compared to the previous presi-
dential election, white manufacturing counties voted less Democratic, causing the Republican vote share
to go up, and diverse manufacturing counties voted less Republican, causing the Democratic vote share to
go up. In aggregate, these effects roughly offset each other so that manufacturing had no significant effect.
A potential explanation for the polarization by race within manufacturing intensive counties is that white
manufacturing counties rejected existing policies, such as openness to trade and increased economic redis-
tribution (for example through the Affordable Care Act), while ethnically diverse manufacturing counties
rejected the message that economic conditions in the United States were deteriorating.

Examining the counties with the biggest changes in the Republican vote share from 2012 to 2016 high-
lights the importance of race and education as compared with manufacturing. Of the top 10 counties that
shifted Republican, three are in Ohio; two each in Iowa and Missouri; and the other three are in Kentucky,

Illinois, and West Virginia. Each of these counties saw a shift toward the Republican ticket of 19 percentage

19. While the total number of votes cast for either candidate increased by 1.6 percent, California alone was respon-
sible for half of this increase, with Texas making up most of the rest.
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points or more. The counties are on average 98 percent white, compared with 84 percent overall, and less
than 8 percent of their voters have college degrees, compared with 13 percent on average. The counties have
less manufacturing (7 percent of employment) than the average across counties (12 percent).

In contrast, the 10 counties that most increased their Democratic support have a lower white popu-
lation, 85 percent, and significantly more college education, at 48 percent.” Six are in Utah, three in
Virginia, and one in New Mexico. They shifted towards the Democratic candidate by 12 percentage points
on average. Notably, their average share of manufacturing employment is the same as in the top Republican
shifting counties: 7 percent.

Overall, these results reinforce the findings of Inglehart and Norris (2016), who argue that cultural
values are of primary importance in explaining the rise of populism. Less diverse, more religious, and less
educated parts of the United States voted for Donald Trump, whereas economic factors seem to have
played a much smaller role.

Given that the identity variables are relatively constant over time, how could they have played a vital
role in the change in the Republican vote share? One explanation can be found in pre-election polling. Of
the seven issues the Pew Research Center asked about both in 2012 and 2016, the two issues that surged
in importance were immigration and terrorism (figure 6). The percentage of the respondents who thought
immigration was a critical issue jumped from 41 percent in 2012 to 70 percent in 2016.*" Terrorism
jumped from 60 to 80 percent. In contrast, concern about the economy declined slightly from 87 to 84
percent, and education and health care similarly declined in importance. Consistent with this, new evidence
from a national survey, conducted by the Public Religion Research Institute and the Azlantic before and
after the election, finds that cultural anxiety among white working class voters was the most important
predictor of support for Trump (Cox et al. 2017). The analysis finds that aside from party affiliation, social
values, immigration, and educational attainment best predicted support for Trump among this group.
They find that economic hardship weakly predicted support for Clinton. The poll results show that voters
focused on security more than in the past, which made identity more important in this election, consistent
with the new survey results. Put differently, it was not that the identity of voters changed, rather that the
importance of identity politics was magnified.

In contrast, polls about trade show that it was not a major concern among voters. Gallup polls, which
ask whether trade is a threat or an opportunity, show that Americans’ views of trade have improved mark-

edly since 2012 and were higher in 2016 than at any time since the question was first asked in the early

20. Excluding the state of Utah, in which the Republican candidate performed poorly for idiosyncratic reasons,
the top 10 counties that swung towards the Democrats were on average even more diverse and well educated: 77
percent white and 61 percent college educated.

21. While immigration is also an economic issue, it was discussed during the election as a security risk—criminals
coming in, not as a job Killer. The increases in concern over terrorism, immigration, and foreign policy together,
also suggest that concerns are more about security than economics.



1990s.>> In 2016, 58 percent thought trade was an opportunity and 34 percent thought it was a threat, as
compared with a tie (at 43 percent) in 2012. Overall, the polling results are consistent with a greater focus
on culture and security, not an increase in concern over rising imports and lost manufacturing jobs in the

electorate.
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Table2 Manufacturing employment share and change in the Republican vote share, 2012-16

All counties Counties in swing states?
Interaction with  Indicator Interaction with  Indicator
Basic minority share  variable’ Basic minority share  variable’
Dependent variable: Change
in Republican vote share (1) (2) (3) (4) (5) (6)
Manufacturing employment share 0.00 0.171%** 0.05%** -0.01 0.07** 0.01
(0.23) (5.89) (3.19) (0.55) (2.36) (0.47)
Minority share -0.27%** -0.16%** -0.22%** -0.39%** —-0.32%** -0.35%**
(8.79) (4.75) (4.98) (9.60) (7.82) (8.96)
Manufacturing * minority -0.17%** —0.12%**
(8.02) (4.41)
Above mean minority share 0.01 -0.02
(0.29) (0.46)
> Mean minority * manufacturing share —0.12*** -0.09***
(541) (2.80)
Median wage (log) 0.32%** 0.31%** 0.32%** 0.03 0.03 0.03
(9.05) (8.93) (8.80) (0.86) (0.83) (0.78)
Unemployment 0.12*** 0.13*** 0.13*** 0.04 0.08* 0.08*
(4.24) (4.83) (4.56) (0.84) (1.88) (1.86)
Labor force participation 0.17%** 0.09%** 0.09%** 0.03 0.02 0.02
(3.75) (3.18) (3.28) (0.96) (0.64) (0.68)
Share middle-aged -0.30*** -0.28%** -0.29%** -0.04 -0.02 -0.02
(10.73) (10.39) (10.42) (1.10) (0.68) (0.60)
Share with bachelor degree or higher -0.79*** —0.77%** -0.78*** -0.78*** —0.75%** —0.75%**
(24.81) (24.63) (23.98) (19.42) (18.88) (19.43)
Protestant adherence 0.17%** 0.17%** 0.17%** 0.02 0.03 0.03
(5.15) (5.28) (5.35) (1.56) (1.58)
Population (log) —-0.15%** -0.15%** —-0.15%** -0.06** -0.07** -0.07**
(4.76) (5.06) (4.92) (1.99) (2.27) (2.22)
R? 0.76 0.77 0.77 0.83 0.83 0.83
N 2,963 2,963 2,963 875 875 875

1. Equal to one 1 when the minority share is above the mean (18 percent) and zero otherwise.
2. Swing states in the 2016 election were: Colorado, Florida, lowa, Michigan, Minnesota, Nevada, New Hampshire, North Carolina,
Ohio, Pennsylvania, Virginia, and Wisconsin.

Notes: Standardized beta coefficients are reported, robust t-statistics in parentheses. Counties weighted by number of votes cast in
the 2012 election; * p<0.1; ** p<0.05; *** p<0.01.

Sources: Dave Leip’s Atlas of U.S. Presidential Elections, US Census Bureau, Association of Religion Data Archives, and authors’
calculations.
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Figure 2 Predicted change in Republican vote share by counties with different

ethnic composition and manufacturing employment, 2012-16

percentage point change in Republican vote
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Sources: Dave Leip’s Atlas of U.S. Presidential Elections, US Census Bureau, Association of Religion Data Archives,

and author’s calculations.
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Table3 Manufacturing employment share change and Republican vote share change, 2012-16

All counties Counties in swing states’
Basic  Interaction Alternative Basic  Interaction Alternative
Dependent variable: Change in
Republican vote share (1 (2) (3) (4) (5) (6)
Change, manufacturing employment share -0.01 —0.04%** -0.03** 0.02 -0.02 -0.01
(0.94) (2.67) (2.07) (1.14) (1.23) (0.58)
Minority share —0.34%**  _0.32%** —0.30*** —-0.38%**  _(0.34%** —0.33***
(9.77) (7.58) (5.13) (13.06) (9.14) (7.30)
Change, manufacturing employment * minority 0.05** 0.07***
(2.32) (2.78)
Above mean minority share -0.04 -0.02
(0.82) (0.44)
> Mean minority * change in manufacturing 0.03* 0.06***
employment 1.77) (2.83)
Change, median wage (log) 0.04* 0.04* 0.05* -0.10%**  -0.10%** —0.10%**
(1.71) (1.74) (1.79) (3.46) (3.51) (3.48)
Change, unemployment 0.04* 0.04** 0.05** -0.07***  —0.07*** -0.06**
(1.94) (1.99) (2.10) (2.66) (2.64) (2.39)
Change, labor force participation 0.171%** 0.17%** 0.10%** 0.10%** 0.09*** 0.09***
(3.93) (3.93) (3.85) (3.98) (3.89) (3.88)
Share middle-aged —0.17***  —0.17%** —0.17*** 0.05** 0.04* 0.05**
(5.73) (5.77) (5.71) (2.02) (1.92) (2.00)
Share with bachelor degree or higher -0.59%**  _0.59%** -0.59%** —-0.79%**  _0.79%** -0.79%**
(22.69) (22.77) (21.34) (26.82) (26.65) (26.81)
Protestant adherence 0.10%** 0.10%** 0.10%** -0.01 -0.01 -0.01
(4.67) (4.67) (4.71) (0.40) (0.31) (0.31)
Population (log) —0.17%** —0.171%** —0.171%** —-0.10%** —0.171%** —-0.171%**
(2.63) (2.71) (2.65) (2.93) (3.15) (3.16)
R? 0.72 0.73 0.73 0.84 0.84 0.84
N 2,927 2,927 2,927 871 871 871

1. Swing states in the 2016 election were: Colorado, Florida, lowa, Michigan, Minnesota, Nevada, New Hampshire, North Carolina, Ohio,
Pennsylvania, Virginia, and Wisconsin.

Note: Standardized beta coefficients are reported, robust t-statistics in parentheses. Changes are for the period 2000-2016. Counties
weighted by number of votes cast in the 2012 election; * p<0.1; ** p<0.05; *** p<0.01.

Sources: Dave Leip’s Atlas of U.S. Presidential Elections, US Census Bureau, and Association of Religion Data Archives, and authors’
calculations.
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Table 4 Alternative Interactions

Education  Construction Urban North China shock All
Dependent variable: Change
in Republican vote share 1 (2) (3) (4) (5) (6)
Manufacturing employment share 0.22%** 0.09%** 0.16%** 0.05%* 0.09%** 0.09%**
(6.99) (4.84) (6.85) (2.38) (4.41) (3.53)
Minority share —0.18%** —0.17%** —0.19%** —0.77%** —0.13%** —0.33%**
(5.15) (4.11) (5.12) (3.55) (3.65) (5.45)
Manufacturing share * minority —0.17%** -0.16%** —0.15%** —-0.13%** -0.16%** -0.06***
(7.84) (7.77) (6.64) (6.41) (6.61) (2.86)
Share with bachelor degree or higher —0.73%** -0.80%** -0.76%** —0.77%** -0.78%** —0.78%**
(21.99) (25.48) (22.28) (22.16) (24.51) (18.82)
Bachelor degree * manufacturing —0.12%** 0.18%**
(3.35) (3.08)
Construction share -0.08*** -0.01
(3.73) (0.71)
Construction * minority 0.00 0.02
(0.11) (0.69)
Urban share 0.07** 0.17%**
(2.07) (3.38)
Urban share * manufacturing share -0.08** —0.12%**
(2.32) (3.98)
Northern United States 0.23%** 0.24%**
(7.99) (7.66)
North * manufacturing share 0.01 0.03
(0.49) (1.19)
Import exposure 0.07*** 0.04***
(3.99) (2.72)
Import exposure * minority -0.04 -0.02
(1.64) (0.93)
R? 0.77 0.77 0.77 0.81 0.77 0.82
N 2,963 2,961 2,913 2,963 2,957 2,906

Note: Standardized beta coefficients are reported, robust t-statistics in parentheses. Regressions include control variables included
in table 2, results not reported; counties weighted by number of votes cast in the 2012 election; * p<0.1; ** p<0.05; *** p<0.01.

Sources: Dave Leip’s Atlas of U.S. Presidential Elections, US Census Bureau, Association of Religion Data Archives, Autor et al. (2013),
and authors’ calculations.
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Table 5 Alternative Timeframes

Changein
Republican vote

Changein share, 2012-16,
Incumbent share, Republican vote manufacturing
elections 2000-2016 share, 2000-2016 share 1986
Basic  Interaction Basic  Interaction Basic  Interaction
(1) (2) (3) (4) (5) (6)

Manufacturing employment share -0.03 0.04* -0.02 0.06*** 0.02 0.171%**
(1.51) (1.90) (1.19) (2.98) (1.36) (4.87)

Minority share —-0.54%**%  _0.57%** —-0.34%**  _0.26%** -0.27***  —0.15%**
(4.37) (4.08) (11.51) (7.19) (8.84) (3.41)

Manufacturing * minority —0.171%** —0.12%** —0.15%**
(5.40) (5.00) (4.87)
R? 0.09 0.73 0.73 0.76 0.76
N 15,090 15,090 2,962 2,962 3,001 3,001

Note: Standardized beta coefficients are reported, robust t-statistics in parentheses. Counties weighted by votes cast in the
2012 election; regressions include control variables included in table 2, results not reported. Columns (5) and (6) include
unemployment, labor force participation, and median wage in changes. Counties weighted by number of votes cast in the

2012 election; * p<0.1; *** p<0.01.

Sources: Dave Leip’s Atlas of U.S. Presidential Elections, US Census Bureau, Association of Religion Data Archives, and

authors’ calculations.
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Figure 4 Contribution of change in Republican votes to shift in Republican vote share

by county, 2012-16
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Note: Republican contribution is a summary statistic measuring how much of the overall party shift in votes is the result
of a change in Republican votes.

Sources: Dave Leip's Atlas of U.S. Presidential Elections, and author’s calculations.

Figure 5 Contribution of change in Republican votes to shift in Republican vote share

by county level of manufacturing intensity, 2012-16
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Note: Republican contribution is a summary statistic measuring how much of the overall party shift in votes is the result
of a change in Republican votes.

Sources: Dave Leip's Atlas of U.S. Presidential Elections, and author’s calculations.
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Table 6a Growth in votes cast, 2012-16, in all counties

Change in Changein
Republican Democratic
Change in votes (log) votes (log) votes (log)
Basic  Interaction Basic  Interaction Basic  Interaction
(1) (2) (3) (4) (5) (6)
Manufacturing share —0.07%** 0.01 —0.09%** 0.00 -0.04** —0.14%**
(2.90) (0.19) (4.07) (0.01) (2.48) (7.12)
Minority share 0.08 0.16** —0.27%** -0.19%* 0.23*** 0.14***
(1.31) (2.03) (4.73) (2.50) (7.94) (3.96)
Manufacturing share * minority —0.12%** —0.13%** 0.15%**
(2.59) (2.98) (6.21)
R? 0.13 0.13 0.54 0.55 0.70 0.70
N 2,963 2,963 2,963 2,963 2,963 2,963

Note: Standardized beta coefficients are reported, robust t-statistics in parentheses. Regressions include
control variables included in table 2, results not reported; counties weighted by number of votes cast in the

2012 election; ** p<0.05; *** p<0.01.

Sources: Dave Leip’s Atlas of U.S. Presidential Elections, US Census Bureau, Association of Religion Data

Archives, and authors’ calculations.

Table 6b Growth in votes cast, 2012-16, in swing states’

Change in Change in
Republican Democratic
Change in votes (log) votes (log) votes (log)
Basic  Interaction Basic  Interaction Basic  Interaction
(1) (2) (3) (4) (5) (6)
Manufacturing share —0.24%** -0.05 -0.16%** -0.04 -0.10%**  -0.16%**
(4.68) (0.88) (6.31) (0.96) (3.13) (4.44)
Minority share 0.16** 0.37%** —-0.33*** —0.23*** 0.36*** 0.37***
(2.34) (3.93) (6.97) (4.27) (7.27) (5.68)
Manufacturing share * minority —0.27%** -0.18%** 0.08*
(3.07) (3.12) (1.88)
R? 0.30 033 0.71 0.73 0.73 0.73
N 875 875 875 875 875 875

1. Swing states in the 2016 election were: Colorado, Florida, lowa, Michigan, Minnesota, Nevada, New
Hampshire, North Carolina, Ohio, Pennsylvania, Virginia, and Wisconsin.

Note: Standardized beta coefficients are reported, robust t-statistics in parentheses. Regressions include
control variables included in table 2, results not reported; counties weighted by number of votes cast in the

2012 election; * p<0.1; ** p<0.05; *** p<0.01.

Sources: Dave Leip's Atlas of U.S. Presidential Elections, US Census Bureau, Association of Religion Data

Archives, and authors’ calculations.
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Figure 6 Change in voters’ priorities, 2012-16
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Source: Pew Research Center.
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APPENDIX

Table A1 Summary Statistics for all main variables

Variable Mean Median Minimum Maximum
Change (percentage points) in 5.89 5.51 -16.52 24.29
Republican vote share (2012-16)

Growth in votes -1.23 -0.90 -86.48 2250
Growth in Republican vote 9.00 9.09 -41.44 77.62
Growth in Democratic vote -17.56 18.51 -65.85 125.81
Minority share 18.00 10.00 0.00 99.00
Share with bachelor degree or higher 20.00 18.00 2.00 79.00
Share middle-aged 37.00 37.00 14.00 52.00
Mainline Protestant adherents per 100 11.68 8.64 0.05 83.54
Median wage (dollars) 27,580 26,815 9,530 65,340
Unemployment rate 7.82 7.50 0.00 29.40
Manufacturing employment share 9.00 11.00 0.00 73.00
Labor force participation rate 59.07 59.70 18.50 88.40
Urban share 41.00 40.00 0.00 100.00
County population 99,514 25,699 85 10,038,388

Sources: Dave Leip’s Atlas of U.S. Presidential Elections, US Census Bureau, Association of Religious Data

Archives, and authors’ calculations.
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